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Abstract: With the development and deeper application of artificial intelligence (Al) technology, there
is an increasing demand to explore Al-supported teaching and professional development. The in-depth
implementation of Al-enabled education has become an important direction in the digital and intelligent
transformation of education. As a core course in polymer materials and engineering, polymer chemistry
can benefit from the use of knowledge graphs to teach intelligently and digitally. This approach addresses
shortcomings of traditional teaching models, such as insufficient interactive teaching, a disconnect
between theory and practice, and a limited variety of teaching methods and evaluation systems. This holds
significant value for promoting the reform of polymer chemistry teaching and further enhancing the quality
of talent cultivation.
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Figure 1 Constructing a knowledge graph and Al-empowered digital-intelligent teaching for polymer chemistry

1 RRESWFIRERE DS
HEIE

T B A LA PR A 1, RIS ) kAR
& H AT AR B R R T T
FHET R RR BT HEZ, AR
BT AR, 22258 7 K TE LB & 2 A
Fro ANV TEI U B R T 2 M R I 4 e R
P, A AR B B A SR R R A,
SCHUE TR B L3 WRAR R L A Rl 3 fee o 2R
JRAA R AR BEWE 4 22 Uil A DR AT 22 28 552 5 A SR XL
HAEM. B, MR RREE RN, FR L
B 220 T i (A DR PR R R ) B A AN K B R
bR TEORE 7 b B 0 B A TR AR B R S S
B2 R IZ SR, 784 URIN SEIUR i 5 S iR
ST TR B R S5 40, Al B 2 A B VR A P
fEIRAE A A IF E AR MK RREES RS T
A VR R A 2 18] R SR B A R U R
RIEAT RGAC R, VAR TR A L
MEZE, TV R 1 4 1] 0 &0 R 9 2% (an 181 2 s ). BA

HHT 2 R B K — 5 ], % RS ARk

B - CRARERL - R SRHER” = KRR AT A
2R BTG, HAR DL A B 5 G i R R (A
FLARL SR AW R SEAR, SR TR R 50 AR R
Sk 93l I 2 Al BR] EKONT B AL BE R AT R AR
A, AR AR s S EL SR PR RE LB A A 5%
B IS 1 R0, O Jim S K R AL e ik 7
R SE Bt EAT B B RN, Tt — 2D b B
RE RN JE R R e SR R et (815
RE RN 2 B R NERR —H TR
(LI 3).

SR EE R 1 ATERAR AR AU BRI — H T
SR AN, BT R Rl A R HLE)) L IR AR
b e RV E e 1) 58 I L, S SRR ji 5 242
Z IRV SRR, AR HO 2 W H B 5 5 2 A )
IR BEAT 2 UEFE M, AR T At TR
SR ST L S SR RIS, AT 3R
AL AR BT S5 R . AR DL BB
FEAMEAEE R, BT AR — 2D A X b o A T
FAEMEREAR OGS ST A A DA K S S, LG
AR A S B AR, R AR T A A IR KR
FEIRFERL . R, RnIR I JE I RE AL Al iR



5

WP ST iR B 5 AR

7 A RO e B

839

R I Bk S e B

IR R
S 2R

A

MR

> il

TR R A R

A L

e {

Yitr %A&r{

A=A )
Pt Wi B TS e
B
SR R 2B R T 0
AR
BHHESTRA  yaeo
1 L B R
KR
A 2
{8 1 5 2 R
L 3 R
RS g iy
e BT L3RR
BIBTRE vt o7
e SRR
reicks <C U b
gy TR
ST, SRS

SURFTIT AR

CEAmREeS KR

BELA L

RERET Ak

sl
o IS TE g P
mﬂﬁﬁ“:}@ﬂﬁﬁnw

¥ JUS| 8
e < MBS
BRI
A gt
- RN TR
e e
- W R T
B < i, 47
T
B b 1 R
BRI
BB T R
BFRA
TR

NP

TR IR

IKPERRE

ek RE R & 7
SRR AW 2
i%ﬁﬁﬁ%%%:>iwgﬁﬁﬁ

(ﬁ¥§§%

R R <

ﬁ%ﬁ%%m{

52 R B <ﬁ¥%ﬁﬁ{

Eoticran <

RO A IS
mn%%¢iﬁ$mmﬁg<yArmm SR

N
A { e s

f‘& |:|

2 FFM{

B2 BT aiREE R s nm o TR AR R R
Figure 2 Intelligently establishing a polymer chemistry knowledge system based on a knowledge graph
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its control
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Figure 4 Establishing the connection between key concepts and practices in polymer chemistry based on knowledge graphs
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Figure 5 The application of virtual design in the prediction of polymer material properties
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Figure 6 Achieving intelligent pre-class knowledge delivery and teaching methods based on knowledge graphs
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